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Motivation

Information overload

User

Input: enriched entities, topics from tweets, Output: links

User model TrendsNews

L

•Content recommendation
•User model
•Location awareness of trends

Solution

Our method

Implementation
•Map-Reduce
•Hive
•User defined functions

Validation

•Precision P@n 1.5%/1.6%
•Recall 9%/10%
•F-measure 0.027/0.029
•Mean Reciprocal Rank 0.194/0.198
•Mean Average Rank 38/41

*top 100. local vs. global model (no local trends)

Model
•TF-IDF, tTF-IDF
•Filter 
•User model

•User, Region, Word, Weight
•Trend model

•Period, Region, Word, Weight

Region

•PR-Quadtree
•Locations from profile

Results (small set)*
Train & Test
Train: User model creation
Test: Recommendation

•Cosine similarity
•Comparison w. Gao et al. 2011

Our method

Dataset

•UMAP – Abel et al. 2011
•2M Tweets, Topics, Entities
•2k Users

•550k Links: topics & entities
Add jar udfs.jar;
Create temporary function GROUP_NUMBER_ROWS 
as ‘sk.fiit.kanta.hive.UDFNumberRows’;

create table enriched(cas string, region int,tweetid 
string, userid int, 
relevance double, word string) stored as sequencefile;
insert overwrite table enriched
select a.cas, a.region, a.tweetid, a.userid, 
sum(a.relevance), a.word from 
(select * from train
union all
select t.cas, t.region, 
t.tweetid,t.userid,u.relevance,u.word from 
(select * from train where word like 'http://%') t
join urlWordUnique u on t.word=u.url
) a group by a.cas,a.region,a.tweetid,a.userid,a.word;


