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Analysis of the movie genres

Goal: To reveal, whether the features extracted from the images fit into genres.

Images as decision-makers

Images may influence our behaviour on the
Web in various ways.
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Our recommendation approach

Hybrid recommender (illustrated in the movie domain).
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Evaluation

Generate recommendation

L We evaluate our solution using
Based on the similarity between the _ :
content features of (1) the movies user MovieLens 20M dataset (20M ratings

had seen and (2) the unseen movies, from 130k users). Performance of the
recommender generates Top N movies. ranking of the baseline (content-only) is
compared to the hybrid method.

Retrieve content features

For each movie we pick genre, actors,
keywords, plot, and name of the
collection (e.g., Star Wars movies).
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baseline 0.1735 0.2463
Extract image features Re-rank using visual similarity hybrid 0.1773 0.2504
Using a convo!utional neural network we Recommended movies generated by the content Differences are statistically significant (p-value < 0.01).
extract latent image features that - recommender are ranked using the visual similarity
represent content a-nd Y'SL_E“ stimuli. between the recommended movies and the movies For users having more than 1 400
Pairwise cosine similarity is calculated - user had seen. ratings, hybrid recommender ranking

visual similarity.

performance improved by more than 3%.

R A

Graphics by Pixel Buddha, Madebyoliver, Dimi Kazak (Flaticon.com),
supercoloring.com, and Jacob Rus (Wikimedia Commons).

lIT.SRC 2017 @ FIIT STU peter_gaspar@stuba.sk @ www.fiit.stuba.sk/~gaspar




